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A B S T R A C T

This study is part of a large project that includes surveying and screening medicinal 

compounds manufactured by chemical and pharmaceutical plants, notably in Asian 

countries and exported to developing countries. The current investigation focused on the 

active pharmaceutical ingredients (API) of one of the first-generation antihistamines of 

ethanolamine class known as 2-(diphenylmethoxy)-N,N-dimethylethanamine 

hydrochloride according to the International Union of Pure and Applied Chemistry 

(IUPAC) nomenclature. Harmonization of the specifications and analysis criteria were 

harmonized and all raw materials were claimed to be complying with the British 

Pharmacopoeia (BP) according to the manufacturers. Accordingly, all testing procedures 

were done according to the official standard methods detailed in the monograph of the 

chemical molecule. The selected tests were acidity or alkalinity, related substances, loss 

on drying (LOD), sulfated ash and assay (based on dried substance). Datasets were 

gathered and processed using Statistical Process Control (SPC) software. Preliminary 

data examination was done using box plots and distribution identification for screening 

the best-fitting one. With the exception of the assay, all results showed a failure to follow 

specific dispersion. All raw data failed normality tests (Anderson-Darling test, P < 0.05). 

Accordingly, the output of the tests was adjusted to fit the application of the attribute 

charts. Laney modification was used to correct data dispersion. The correction factor 

acidity/alkalinity, impurity A, any other impurities, total impurities, LOD and sulphated 

ash were 1.003, 1,18568, 1.21158, 1.71165, 1.44613 and 0.883609, respectively. Control 

chart for normal data was used after Johnson transformation following equation 0.558 + 

1.211 x Ln ((X – 98.929)/(101.13 – x)). It should be noted that even when there was no out-

of-specification there were several out-of-control points that highlight the necessity for 

appropriate investigation and correction for assignable causes of variations between 

batches. There should be governmental enforcement of industrial SPC rules for the 

quality and safety of the supplied medicinal substances from the chemical 

manufacturing companies.  
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INTRODUCTION 

In a globe of ever-growing healthcare and 

pharmaceutical complexity, numerous companies and 

enterprises contend in the medicine and medicinal 

products market (Eissa, 2020a, 2021; Eissa et al., 2016). 

Still, safety, quality and effectiveness come as the first-

place precedence for the health of the final users 

(Liang & Mackey, 2011; Anonymous, 2019; Eissa et al., 

2022). Medicinal constituents, either active or inactive, 

should be monitored and controlled for standard 

quality before the analysis and examination of the 

inspection properties of the final healthcare and 

medicinal finished product form. This should be 

stressed not only by the original manufacturer and the 

final customer but also by the regulatory industrial 

governmental agencies. 

The implementation of statistical process control 

methodologies (SPCs) has become an essential and 

common practice in all pharmaceutical companies in 

order to achieve a predictable and acceptable level of 

quality (Mostafa Eissa, 2018; Eissa, 2018a; Essam, 

2023). One of the most important SPC tools in the 

pharmaceutical industry is the Shewhart plot (SPC) 

(Eissa, 2015). It has a wide range of applications in 

many industries and non-industries for the 

assessment and control of processes and inspection 

parameters (Essam Eissa, 2017; Eissa et al., 2021a, 

2021b, 2023a; Eissa, 2023a). Manufacturers of 

pharmaceutical-grade raw chemicals have expanded 

all over the world, making it possible to obtain them 

in retail markets and through brokers anywhere in the 

world (Eissa, 2023b). However, to ensure the current 

and future quality of pharmaceutical products, it is 

essential to ensure sustainable quality assurance for 

the expected chemical and physical properties. 

It is expected that chemical manufacturing 

facilities are on the rise, especially in developing 

countries. The quality of chemical manufacturing 

firms in terms of Good Practices (G×P), including in 

the pharmaceutical and healthcare sectors, is in 

dispute (Eissa & Abid, 2018; Eissa, 2018b). The quality 

of the end product could be a reflection of the quality 

of the manufacturing process (Kim et al., 2021). 

Therefore, an organization that has the correct quality 

concept in place throughout the entire company 

would produce products that have acceptable, stable, 

and predictable properties with little chance of failure 

through effective strategy of SPC application. 

In a crisis situation, there is a high likelihood of 

deterioration of the quality of the goods that are 

offered by the brokers, the wholesalers and the market 

retailers to satisfy the needs of the customers with 

cheap prices at the cost of the necessary quality 

inspection characteristics. Given the above challenges, 

the objective of this study was to evaluate the purity 

and goodness of a chosen excipient that is frequently 

included in the pharmaceutical preparations of 

chemical manufacturing companies. This study will 

focus on a critical test that is officially recognized as 

one of the essential inspection characteristics of 

inactive material. 

MATERIAL AND METHODS 

A chemical manufacturing plant of raw materials 

of pharmaceutical grade was assessed for the quality 

of the manufacturing output [16, 17]. Fifty-five 

samples of one of the common and classical 

antihistamine active medicinal materials were 

investigated for the acidity or alkalinity, related 

substances, Loss-On-Drying (LOD) and assay result 

trend (Eissa & Abid, 2018; Eissa, 2023). 

2-N, N-dimethylethanamine (diphenylmethoxy) 

hydrochloride (DPHH) is a sedative and 

antihistamine that is mostly used to treat allergies, 

sleeplessness, and cold symptoms. It is also less often 

used to treat nausea and Parkinsonian tremors 

(Anonymous, 2020). All tests were done according to 

the standard method detailed by British 

Pharmacopoeia (BP) (Eissa, 2023c). 

Official Tests for Acidity or Alkalinity, Related 

Substances, Loss on Drying and Assay 

The British Pharmacopoeia monograph of 

Diphenhydramine outlines the detailed procedures 

for testing the active medicinal substance. For acidity 

and alkalinity, 0.15 mL of methyl red solution R and 

0.25 mL of 0.01 M hydrochloric acid are to be added to 

10 mL of solution S. The indicator is pink in color, and 

it takes no more than 0.5 mL of 0.01 M sodium 

hydroxide to turn it yellow. 
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For the test solution, 70 mg of the substance under 

examination is dissolved in the mobile phase and then 

diluted to a volume of 20.0 mL using the same mobile 

phase. A further dilution is performed by taking 2.0 

mL of this solution and diluting it to 10.0 mL with the 

mobile phase. The preparation of reference solution 

(a) involves diluting 1.0 mL of the test solution to 10.0

mL with the mobile phase. This solution is then 

further diluted by taking 1.0 mL and diluting it to 20.0 

mL with the mobile phase. Reference solution (b) is 

prepared by dissolving 5 mg of diphenhydramine 

impurity A CRS and 5 mg of diphenylmethanol R in 

the mobile phase and diluting this to 10.0 mL with the 

mobile phase. To 2.0 mL of this solution, 1.5 mL of the 

test solution is added and the resulting solution is 

diluted to 10.0 mL with the mobile phase. 

The column used in this procedure has a length (l) 

of 0.25 m and a diameter (Ø) of 4.6 mm. The stationary 

phase is a base-deactivated octylsilyl silica gel for 

chromatography R (5 µm). The mobile phase is a 

mixture of 35 volumes of acetonitrile R and 65 

volumes of a 5.4 g/L solution of potassium dihydrogen 

phosphate R, which has been adjusted to a pH of 3.0 

using phosphoric acid R. The flow rate is set at 1.2 

mL/min. Detection is carried out using a 

spectrophotometer set at 220 nm. An injection volume 

of 10 µL is used. The run time is seven times the 

retention time of diphenhydramine. The relative 

retention times, with reference to diphenhydramine 

(retention time = about 6 min), are as follows: impurity 

A = about 0.9; impurity B = about 1.5; 

impurity C = about 1.8; impurity D = about 2.6; 

impurity E = about 5.1. The system suitability is 

checked using reference solution (b). The resolution 

should be a minimum of 2.0 between the peaks due to 

diphenhydramine and impurity A. 

The limits are as follows: the correction factor for 

the calculation of content is 0.7, which is applied to the 

peak area of impurity D. The area of impurity A 

should not exceed the area of the principal peak in the 

chromatogram obtained with reference solution (a) 

(0.5%). The area of any other impurity should not be 

more than 0.6 times the area of the principal peak in 

the chromatogram obtained with reference solution 

(a) (0.3%). The total area should not be more than

twice the area of the principal peak in the 

chromatogram obtained with reference solution (a) 

(1.0%). The disregard limit is 0.1 times the area of the 

principal peak in the chromatogram obtained with 

reference solution (a) (0.05%). 

The loss on drying should not exceed 0.5%, as 

determined on 1 g by drying in an oven at 105°C. The 

sulfated ash should not exceed 0.1%, as determined on 

1.0 g. For the assay, 0.250 g is dissolved in 50 mL of 

ethanol (96%) R and 5.0 mL of 0.01 M hydrochloric 

acid is added. A potentiometric titration is carried out 

using 0.1 M sodium hydroxide. The volume added 

between the two points of inflexion is read. 1 mL of 0.1 

M sodium hydroxide is equivalent to 29.18 mg of 

C17H22ClNO. 

Statistical Analysis 

To determine the appropriate statistical method for 

process behavior analysis, data distribution was 

initially assessed. The Anderson-Darling (AD) test 

was employed to evaluate the goodness-of-fit of the 

data to an assumed distribution at a significance level 

of α=0.05. This test measures the discrepancy between 

the observed data and the expected values under the 

hypothesized distribution. If the AD test indicated 

non-conforming data spreading, the Johnson 

transformation family was applied to transform the 

data into a more conforming distribution (Eissa, 

2023c). This family of transformations includes several 

distributions capable of accommodating various data 

shapes. 

For data that successfully met the distribution 

assumption, variable process-behavior charts, 

including capability analysis, were constructed using 

Minitab® 17.1.0. However, for datasets that did not 

conform to any standard distribution, even after 

transformation, attribute-type (after suitable 

processing) or Individual (I) control charts were 

utilized (Eissa, 2023c). In cases where the initial 

diagnostic U-chart indicated deviations from the 

assumed Poisson distribution, Laney corrections were 

applied to adjust for overdispersion or 

underdispersion. This approach allowed for a 

comprehensive analysis of the data, selecting the most 

appropriate statistical method based on the data’s 

characteristics and ensuring accurate interpretation of 

process behavior. 
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RESULTS AND DISCUSSION 

This study is a component of an organization-wide 

assessment aimed at achieving the chemical plant’s 

Total Quality Management (TQM) objectives (Eissa, 

2019a; Rashed & Eissa, 2020). Production mistake 

detection, reduction, and elimination are ongoing 

processes carried out by the total quality management 

(TQM) technique (Rashed & Eissa, 2020). It expedites 

supply chain coordination, guarantees that workers 

receive the most recent training available, and 

improves customer satisfaction (Rashed & Eissa, 

2020). All parties engaged in the production process 

must be held responsible for the overall quality of the 

finished good or service in order to accomplish total 

quality management. An indispensable analytical 

technique to achieve this goal is the use of SPC 

methodologies. 

Box and Whisker Plot (Box Plot) 

This diagram showed the dispersion pattern of the 

datasets and the level of skewness (Eissa, 2022). For 

Figure 1, it could be noted that various degrees of 

distortion from the normal pattern were present in the 

datasets which are less evident in the LOD and assay 

data. Moreover, the presence of outliers further 

skewed the results which could be detected in the total 

impurities and sulfated ash records. In turn, all raw 

data did not pass the normality tests using the 

Anderson-Darling (AD) test at P=0.05. Best-fitting 

distribution identification did not return any valid 

type of spreading - except for the assay after Johnson 

transformation to the normal pattern of 

dispersion – as all P values were < 0.05. 

Checking for Poisson Distribution 

While the Poisson assumption is a starting point 

for many U-chart applications, it’s essential to assess 

the data’s distribution to ensure the chart’s 

effectiveness. Data results that could not fit any kind 

of dispersion – even after transformation, could be 

adjusted to fit the attribute type of control charts as a 

number of parts per 10,000 units (depending on the 

sensitivity of the measurement units). However, 

checking for the fitness of the presumed Poisson 

distribution should be verified to avoid misleading 

control limits with the risk of low or high alarm rates 

depending on the presence of overdispersion or 

underdispersion (Eissa, 2019b). Hence, the diagnostic 

tool of U chart was used as could be seen in Figure 2 

for six inspection characteristics. All of them 

demonstrated the necessity for adopting Laney 

correction to adjust for data spreading. 

Figure 1. Box/Whisker diagram showing the 

dispersion and skewness of the datasets of the 

analyzed inspection characteristics via quartiles for 

one of the first-generation antihistamines of 

ethanolamine class. Asterisks are indication of the 

outlier data points 

Laney Process-Behavior and Individual-Moving 

Range (I-MR) Plots  

Many procedures that entail measuring, 

controlling, and monitoring of the inspection qualities 

under examination are built around process-behavior 

charts (Eissa, 2019; 2020b). It is possible to use any of 

the two Shewhart chart types—variable or attribute 

control charts—which have been used in the past 

(Eissa, 2019a, 2023c; Rashed & Eissa, 2020). The 

different kinds of warnings might be discussed in 

more depth in other earlier studies (Eissa et al., 2023b). 

The following guidelines would be used to compute 

the control window and average that are used in 

Figures 3 to 6.  

Center line (CL) of an individual (I) chart: Mean of 

the individual data points. For the I chart, the upper 
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control limit (UCL) is CL + 2.66 x Avg Moving Range. 

The Lower Control Limit (LCL) for the I chart is equal 

to CL - 2.66 x Average Moving Range (MR), or 0 in the 

event that the MR is negative. The center line (CL) of 

the MR chart represents the mean of MR (Eissa et al., 

2023b; Rashed & Eissa, 2020). The Upper Control 

Limit (UCL) for the MR chart is 3.27 times the Average 

Moving Range. The Lower Control Limit (LCL) for 

MR charts is set to zero. 

Figure 2. Diagnostic U chart for examination of the 

fitting to the presumed distribution for quality control 

tests of 2-(diphenylmethoxy)-N,N-dimethylethanamine 

Hydrochloride 

With regard to the U charts, equations 1 through 7 

show that the primary components of the trending 

charts may be calculated for the Laney adjustments. 

When the data deviates from the Poisson distribution, 

it might result in inaccurate control limits and 

subsequent alerts because of overspreading or 

underdispersion (Eissa, 2017). In such cases, this kind 

of chart is utilized. In order to use the traditional chart, 

the ideal dispersion ratio in the U chart diagnosis 

should be between an acceptable specific range (Eissa 

et al., 2023). where ui is the subgroup’s number of 

defects, ni is the subgroup’s size, zi is the z-score, 

u(prime) is the data mean, and σz is computed as 

MR(bar)/1.128, where MR(bar) is a moving range of 

length two, the figure is an unbiasing constant, and 

σui is the standard deviation. Subgroup i’s count rate 

is ui. The standard deviation that has been adjusted 

for overdispersion or underspreading is sd(ui).  

σui = √�̅�/𝑛𝑖 (1) 

zi = 
𝑢𝑖−�̅̅�

𝜎𝑢𝑖
(2) 

ui = �̅� + σui.zi  (3) 

sd(ui) = σui.σz  (4) 

CL = �̅� (5) 

UCL = �̅� + 3.σui.σz  (6) 

LCL = �̅� - 3.σui.σz or = zero (7) 

Figure 3. Laney-corrected attribute charts for the acidity/alkalinity and impurity A tests 
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Figure 4. Laney-corrected attribute charts for the other impurities and total impurities tests 

Figure 5. Laney-corrected attribute charts for the Loss on Drying (LOD) and sulphated ash tests 

Figure 6. Comprehensive overall capability analysis of the assay test based on dried substance using variable 

trending chart 
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Based on past experiences, Laney-adjusted control 

charts have shown to be a useful method for trend 

analysis of datasets that have not followed certain 

distribution patterns (van den Ban & Goodwin, 2017). 

For widely used distributions like Gaussian and 

Poisson spreading patterns, all inspection criteria 

failed to show appropriate fitting (Mostafa, 2019). In 

order to assess the qualities being studied, it was 

necessary to adjust the data for Laney attribute charts 

in a way that produced results that could be 

understood. For the variable control chart of the assay, 

despite the control limits being confined within the 

specification range, the presence of several out-of-

control points precludes the use of the capability 

analysis till the stabilization of the process could be 

accomplished. 

Establishing comprehensive SPC methodology 

implementation is crucial for chemical manufacturing 

organizations, as it forms an essential component of 

Total Quality Management (TQM) across the whole 

enterprise (Ismail, 1998). To enforce safety and quality 

concepts into the products, however, regulatory 

monitoring and surveillance in the industrial sector 

are essential. Until the SPC procedures are properly 

integrated into the foundations of the legislation 

governing the chemical sector, the receiver customer 

should monitor the given lots using appropriate 

statistical tools to keep a watch on the goods they get 

(Saha et al., 2022). This is particularly crucial for 

emerging and economically distressed countries. 

The current study identifies a significant and 

distinctive viewpoint in the physical and chemical 

criterion-based API trending and monitoring. The 

highly competitive world of pharmaceutical and 

medical products demands stringent monitoring and 

control of the production field’s quality (Ahmed Eissa, 

2018). The fundamentals, or the raw components, are 

where this vision starts. Seeing the trending pattern of 

the inspection properties of the chemical entities is an 

important task that provides insight into the behavior 

of the inspection characteristics with the produced 

batches provided reflecting the condition of the 

quality delivered to the organization’s ultimate 

clients. 

When monitoring a process in a time sequence or 

serial fashion, control charts are crucial. In order to 

detect changes in the attributes under examination 

and ascertain whether these changes are most likely 

the consequence of common or unique cause 

variations, limiting thresholds are specified and they 

display the mean. Statistical analysis and correlation 

studies would be useful to understand the trending 

pattern and the properties (chemical and physical) of 

the manufactured chemical product that is given as a 

raw material. Ensuring the production of medical 

supplies that meet consistent, dependable, and 

satisfactory quality standards is an essential analytical 

undertaking. 

CONCLUSION 

Plots of process behavior derived from datasets 

that were non-normally distributed as well as the 

normal assay dataset demonstrated that the produced 

raw material quality exhibited uncontrollable states as 

batches progressed in chronological order. In 

addition, process capability monitoring output cannot 

be considered until stabilization of the inspection 

trends could achieved, and in order to enhance the 

performance index level, there needs to be a 

tightening of the variances in the inspection 

characteristic of all tests within the specification’s 

windows. As a result, in order to reduce the possibility 

of uncontrollable outcomes that exceed the upper 

and/or lower limiting barrier in the future, the process 

means should be moved closer to the center. 

Nevertheless, for one-sided specification, it would be 

desirable that the trends of the inspection 

characteristics could be brought toward the 

diminishing side. It is recommended that 

pharmaceutical raw materials synthesized by the 

company should be included in future research 

investigations together with other inspection qualities 

of the raw material. 

Compliance with Ethical Standards 

Conflict of Interest 

The author declares that there is no conflict of interest. 



Essam Eissa (2024) Acta Natura et Scientia 5(2), 96-105 

103 

Ethical Approval 

The author declares that this document does not 

require ethics committee approval or any special 

permission. This study does not cause any harm to the 

environment. 

Funding 

Not applicable. 

Data Availability 

The data that support the findings of this study are 

available from the corresponding author on request. 

REFERENCES 

Ahmed Eissa, M. E. (2018). Management motivational 

role and support for pharmacists in healthcare 

field. i-Manager’s Journal on Management, 13(3), 

1-4. https://doi.org/10.26634/jmgt.13.3.15131

Anonymous. (2019). Assessing the antimicrobial efficacy of 

eye drop products. European Pharmaceutical 

Review. Retrieved on July 26, 2024, from 

https://www.europeanpharmaceuticalreview.c

om/article/40864/novel-approach-assessing-

antimicrobial-efficacy-eye-drop-products/ 

Anonymous. (2020). DiphenhydrAMINE Monograph. 

Retrieved on July 26, 2024, from 

https://www.drugs.com/monograph/diphenhy

dramine.html 

Eissa, D., Rashed, E., & Eissa, M. (2023a). Measuring 

public health effect of coronavirus disease 2019: 

A novel perspective in healthcare in pandemic 

times. Medical Journal of Western Black Sea, 7(2), 

266-268. https://doi.org/10.29058/mjwbs.1257163

Eissa, M. (2019b). Application of control charts for 

non-normally distributed data using statistical 

software program: A technical case study. 

World Journal of Advanced Research and Reviews, 

1(1), 039-048. 

https://doi.org/10.30574/wjarr.2019.1.1.0013 

Eissa, M. (2020a). Bioburden control in the 

biopharmaceutical industry. BioPharm 

International, 30(9), 24-27.  

Eissa, M. (2020b) Evaluation of microbiological purified 

water trend using two types of control chart. 

European Pharmaceutical Review. Retrieved on 

January 13, 2020, from 

https://www.europeanpharmaceuticalreview.c

om/article/80649/purified-water-trends/ 

Eissa, M. (2021). Implementation of modified Q-

control chart in monitoring of inspection 

characteristics with finite quantification 

sensitivity limits: A case study of bioburden 

enumeration in capsule shell. El-Cezerî Journal of 

Science and Engineering, 8(3), 1093–1107. 

https://doi.org/10.31202/ecjse.871179 

Eissa, M. E. (2015). Shewhart control chart in 

microbiological quality control of purified 

water and its use in quantitative risk 

evaluation. Pharmaceutical and Biosciences 

Journal, 4(1), 45-51. 

https://doi.org/10.20510/ukjpb/4/i1/87845 

Eissa, M. E. (2017). Application of Laney control chart 

in assessment of microbiological quality of oral 

pharmaceutical filterable products. Bangladesh 

Journal of Scientific and Industrial Research, 52(3), 

239-246.

https://doi.org/10.3329/bjsir.v52i3.34160 

Eissa, M. E. (2018a). Quantitative microbiological risk 

assessment: Underrated tool in process 

improvement in food microbiology. Journal of 

Food Science and Hygiene, 1(1), 12-15. 

https://doi.org/10.14302/issn.2835-2165.jfsh-18-

2162 

Eissa, M. E. (2018b). Adulterated pharmaceutical 

product detection using statistical process 

control. Bangladesh Pharmaceutical Journal, 21(1), 

7-15.

Eissa, M. E. (2019a). Application of control charts in 

monitoring of surgical site infection trending 

records using statistical software. Asian Journal 

of Applied Sciences, 12(2), 76-84. 

Eissa, M. E. (2022). Validation of microbiological assay 

design of neomycin sulfate in 30 x 30 cm 

rectangular antibiotica plate. Journal of Advanced 

Biomedical and Pharmaceutical Sciences, 5, 54-63. 

https://doi.org/10.21608/jabps.2021.104951.1143 

https://doi.org/10.26634/jmgt.13.3.15131
https://www.europeanpharmaceuticalreview.com/article/40864/novel-approach-assessing-antimicrobial-efficacy-eye-drop-products/
https://www.europeanpharmaceuticalreview.com/article/40864/novel-approach-assessing-antimicrobial-efficacy-eye-drop-products/
https://www.europeanpharmaceuticalreview.com/article/40864/novel-approach-assessing-antimicrobial-efficacy-eye-drop-products/
https://www.drugs.com/monograph/diphenhydramine.html
https://www.drugs.com/monograph/diphenhydramine.html
https://doi.org/10.29058/mjwbs.1257163
https://doi.org/10.30574/wjarr.2019.1.1.0013
https://www.europeanpharmaceuticalreview.com/article/80649/purified-water-trends/
https://www.europeanpharmaceuticalreview.com/article/80649/purified-water-trends/
https://doi.org/10.31202/ecjse.871179
https://doi.org/10.20510/ukjpb/4/i1/87845
https://doi.org/10.3329/bjsir.v52i3.34160
https://doi.org/10.14302/issn.2835-2165.jfsh-18-2162
https://doi.org/10.14302/issn.2835-2165.jfsh-18-2162
https://doi.org/10.21608/jabps.2021.104951.1143


Essam Eissa (2024) Acta Natura et Scientia 5(2), 96-105 

104 

Eissa, M. E. (2023). Prioritisation of raw materials in 

healthcare industry. Pharma Focus Asia. 

Retrieved on July 11, 2023, from 

https://www.pharmafocusasia.com/articles/pri

oritisation-of-raw-materials-in-healthcare-

industry 

Eissa, M. E. (2023a). Studies on morbidities and 

mortalities from COVID-19: Novel public 

health practice during pandemic periods. Asian 

Journal of Applied Sciences, 16(3), 84-94. 

https://doi.org/10.3923/ajaps.2023.84.94 

Eissa, M. E. (2023c). Trending perspective in 

evaluation of inspection characteristics of 

pharmaceutical compound: comparative study 

of control charts. Universal Journal of 

Pharmaceutical Research, 8(5), 

https://doi.org/10.22270/ujpr.v8i5.1006 

Eissa, M. E., & Abid, A. M. (2018). Application of 

statistical process control for spotting 

compliance to good pharmaceutical practice. 

Brazilian Journal of Pharmaceutical Sciences, 54(2), 

e17499.  

https://doi.org/10.1590/s2175-97902018000217499 

Eissa, M., Mahmoud, A., & Nouby, A. (2016). 

Evaluation and failure risk of microbiological 

air quality in production area of pharmaceutical 

plant. RGUHS Journal of Pharmaceutical Sciences, 

5, 155-166 

Eissa, M., Rashed, E. R., & Eissa, D. E. (2021a). Study 

of tellurium-129m (129mTe) ground deposition 

following Fukushima nuclear disaster: 

descriptive analysis of UNSCEAR database 

using statistical process techniques. Mugla 

Journal of Science and Technology, 7(2), 67-72. 

https://doi.org/10.22531/muglajsci.955946 

Eissa, M., Rashed, E. R., & Eissa, D. E. (2021b). Quality 

improvement in routine inspection and control 

of healthcare products using statistical 

intervention of long-term data trend. Dicle 

University Journal of the Institute of Natural and 

Applied Sciences, 10(2), 163-184. 

Eissa, M., Rashed, E. R., & Eissa, D. E. (2022). 

Establishment of biocidal activity evaluation 

study protocol in healthcare facility for routine 

monitoring of antibacterial activity of 

disinfectants. Journal of Experimental and Clinical 

Medicine, 39(4), 939-947  

Essam Eissa, M. (2017). Monitoring of Cryptosporidium 

spp. outbreaks using statistical process control 

tools and quantitative risk analysis based on 

NORS long-term trending. Microbiology Journal, 

9(1), 1-7. 

Essam Eissa, M., Rashed, E. R., & Essam Eissa, D. 

(2023). Case of preferential selection of attribute 

over variable control charts in trend analysis of 

microbiological count in water. Acta Natura et 

Scientia, 4(1), 1-9. 

https://doi.org/10.29329/actanatsci.2023.353.01 

Essam Eissa, M., Refaat Rashed, E., & Essam Eissa, D. 

(2023c). Microbiological stability assessment of 

municipal distribution line using control chart 

approach for total bioburden count. Sağlık 

Akademisi Kastamonu, 8(2), 363-383. 

https://doi.org/10.25279/sak.1035879 

Essam, M. (2023). Pharmaceutical component kinetics. 

Pharma Focus Asia. Retrieved on July 11, 2023, from 

https://www.pharmafocusasia.com/articles/ph

armaceutical-component-kinetics-inventory-

dynamic-control-is-crucial 

Ismail, Md. Y. (1998). Implementation of quality 

management in the manufacturing industry. [Ph.D. 

Thesis. Dublin City University]. 

Kim, E. J., Kim, J. H., Kim, M. S., Jeong, S. H., & Choi, 

D. H. (2021). Process analytical technology tools

for monitoring pharmaceutical unit operations: 

A control strategy for continuous process 

verification. Pharmaceutics, 13(6), 919. 

https://doi.org/10.3390/pharmaceutics13060919 

Liang, B. A., & Mackey, T. (2011). Quality and safety 

in medical care: What does the future hold?. 

Archives of Pathology & Laboratory Medicine, 

135(11), 1425-1431. 

https://doi.org/10.5858/arpa.2011-0154-oa 

Mostafa Eissa, M. E. A. (2018). Quality criteria 

establishment for dissolution of ascorbic acid 

from sustained release pellets. Novel Techniques 

in Nutrition & Food Science, 2(2), 137-142. 

Mostafa, E. E. (2019). Use of control charts as a quality 

control tool for monitoring of microbiological 

infection risk during surgery: An expository 

case. Clinical Journal of Surgery, 2(1), 1-3. 

https://www.pharmafocusasia.com/articles/prioritisation-of-raw-materials-in-healthcare-industry
https://www.pharmafocusasia.com/articles/prioritisation-of-raw-materials-in-healthcare-industry
https://www.pharmafocusasia.com/articles/prioritisation-of-raw-materials-in-healthcare-industry
https://doi.org/10.3923/ajaps.2023.84.94
https://doi.org/10.22270/ujpr.v8i5.1006
https://doi.org/10.1590/s2175-97902018000217499
https://doi.org/10.22531/muglajsci.955946
https://doi.org/10.29329/actanatsci.2023.353.01
https://doi.org/10.25279/sak.1035879
https://www.pharmafocusasia.com/articles/pharmaceutical-component-kinetics-inventory-dynamic-control-is-crucial
https://www.pharmafocusasia.com/articles/pharmaceutical-component-kinetics-inventory-dynamic-control-is-crucial
https://www.pharmafocusasia.com/articles/pharmaceutical-component-kinetics-inventory-dynamic-control-is-crucial
https://doi.org/10.3390/pharmaceutics13060919
https://doi.org/10.5858/arpa.2011-0154-oa


Essam Eissa (2024) Acta Natura et Scientia 5(2), 96-105 

105 

Rashed, E. R., & Eissa, M. E. (2020). Long-term 

monitoring of cancer mortality rates in USA: A 

descriptive analysis using statistical process 

control tools. Iberoamerican Journal of Medicine, 

2(2), 55-60. 

https://doi.org/10.5281/zenodo.3740610 

Saha, P., Talapatra, S., Belal, H. M., & Jackson, V. 

(2022). Unleashing the potential of the TQM 

and industry 4.0 to achieve sustainability 

performance in the context of a developing 

country. Global Journal of Flexible Systems 

Management, 23, 495-513.

https://doi.org/10.1007/s40171-022-00316-x 

van den Ban, S., & Goodwin, D. J. (2017). The impact 

of granule density on tabletting and 

pharmaceutical product performance. 

Pharmaceutical Research, 34(5), 1002–1011. 

https://doi.org/10.1007/s11095-017-2115-5 

https://doi.org/10.5281/zenodo.3740610
https://doi.org/10.1007/s40171-022-00316-x
https://doi.org/10.1007/s11095-017-2115-5

	ARTICLE INFO
	ABSTRACT
	INTRODUCTION
	MATERIAL AND METHODS
	Official Tests for Acidity or Alkalinity, Related Substances, Loss on Drying and Assay
	Statistical Analysis

	RESULTS AND DISCUSSION
	Box and Whisker Plot (Box Plot)
	Checking for Poisson Distribution
	Laney Process-Behavior and Individual-Moving Range (I-MR) Plots

	CONCLUSION
	Compliance with Ethical Standards
	Conflict of Interest
	Ethical Approval
	Funding
	Data Availability

	REFERENCES

